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Model Project Cumulative Frequency Grapti Expected: No 
Model Project Sample Total Counted Expected: No 
Model Project Sample Histogram by Decile Expected: No 
Distribution Results: file:///C:\Sample_Distribution2.htm 
Model Project Model Logit ML Selected: Yes 
Model Project Model Logit OLS Selected: No 
Model Project Stepwise Regression Mixed Mode: Yes 
Model Project Stepwise Regression Forward Mode: No 
Model Project Stepwise Regression Backward Mode: No 
Model Project Stepwise Entry Significance Level: 0. 1 5 
Model Project Stepwise Retain Significance Level: 0. 1 5 
Model Candidate Results: file:///C:\Model_Candidate1.htm 

Rnal Model Equation: 2.18863033532504 * Hatch{ :buy_monttis_1b. 0, >0J 301 881 48982629, 1. 0.13018811 
Model Project Generated Report Complete 
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